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F�CÄ 120
CPU Intel Xeon E-2695v4�2
-QRVċē 256 GiB (DDR4)
GPU NVIDIA Tesla P100�2
-c§Åñ (ÚÇè) 10.6 TFlop/s
-c§Åñ (ôÇè) 21.2 TFlop/s
-QRVċē 16 GiB (HBM2)
-QRVÖ_ÿ 732 GiB/s
2Z=�6E3B 4xFDR Infiniband�2
-Ö_ÿ 14 GiB/s
DLIX�PY�3 Caffe 1.0 (MPIÕdö [3])
CUDA 8.0
MPI OpenMPI 2.1.1

RAW CaffeNet
-HUQ�=Ä 61.0 M
ODG?>82: 256
A�=;?B ILSVRC2012A�=;?B

Þ"163U9
Optimizer Momentum SGD
Learning rate 0.01 (1-(EpochÄ)/100)2

Momentum 0.9
EpochÄ 100
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fp8: 71.9%
Table-1: 60.1%
Fastest: 72.3%

AdaPrec (3�!9): 74.4%

float: 73.6%
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